Model Editing:

N LR BRI i



Model Editing

Model Editing

FiE N — I FNEk

HAE 3 B e
NI 5 EIENPNG ==V >

— %1 Post
Training

P SREORE OFTRE S
i F] TR HERESE)




—

~
T
il

| Model Editing {725 Post-training
R )

AN




Model Editing HFEEFIE AR ? PR AT

Reliabilit =t wiMaIANZiHE? —
y

R

Generalization 24 i RERII A 2 — > 257
(paraphrase)

Locality




Model Editing HFEEFIE A B A R EE 2

Generalization =24t 52l A2
(paraphrase)

== 37JL

TIRBOTHE ? —
(reverse)

AT ATEME AR A 2 —
(portability)




PRI AN 2 BIRER TR
(B B3 Model Editing £, FIRERERHIEL T)

Reliabilit
y

Generalization
(paraphrase)

Generalization
(reverse,
portability, etc.)

@ e et AuRRhrg A 2

eI S ITEOPNG =S
HE 7

@ &SR AmAY AFEMPAE T4 2

@ R AR F 2
Locality



Model Editing ‘& 5. 774

Model Editing <<

)

—a
o

\A:

A T

BB e g



In-context Knowledge Editing (IKE)

https://arxiv.org/abs/2305.12740
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In-context Knowledge Editing (IKE)

https://arxiv.org/abs/2305.12740
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Model Input

IKE Context C =k demonstratlons {c, .. C)

Example for Cop ymg

¢; . New Fact: The president of US i1s Obama. Biden.
Q: The president of US 1s? A: Biden.

https://arxiv.org/abs/2305.12740 Reliability

- Example for Updating
Generalization

¢2 | New Fact: Einstein specialized in physies-math.
i Q: Which subject did Einstein study? A: math.

Example for Retaining
Localit €3 New Fact: Messi plays seceertennis.
Who prod d - ' A- Larry Page

f New fact: Paris is the capital of Erance- Japan.
X: Q Which c1ty i1s the capltal of Japan? A:

Model Output

¥Y: Paris.
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Impact of restoring state after corrupted input

The™ -
Space™* - 0.8
Need* - early site 06
le* -
is - - 0.4
n - late site 02
downtown -

0 5 10 15 20 25 30 35 40 p(Seattle)
single restored layer within GPT-2-XL
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Rank-One Model Editing (ROME)
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Meta Learning

Introduction

- Meta Learning - MAML (1/9)
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Hung-yi Lee * BRE R : 445K - 6 Fij

Lewrmng
Meta Learning  UF) = -Z':l“.\q.,.,“., » Meta Learning ~ MAML (2/9)
s of oAy e g
= * s |G 18 Hung-yi Lee * ERERY - 228K - 6 Fqij
Tash l- ~-. ‘-.

"% Meta Learning - MAML (3/9)
;E Hung-yi Lee « BRER - 198K - 6 Fnil

Meta Learning 55%%
E352019)

https://www.youtube.com/playlist?list=

PLJV_el3uVTsOK_ZK5LO0lv_EQoL1Je
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More about
Meta Learnigg

° e Hung-ya Lee

(2332 2022] FEFIERTRE (Meta Learning)
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https://youtu.be/QNfymMRUg3M?si=GQP2H _p
GyqLR6cWI
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Training

B xq ~ UALEILE y,
B uy ~ EISEIL vy

X1 R V1
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U1 0 + €1 Vi
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Testing

B x3 ~ UAER L ys
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https://arxiv.org/abs/2104.08164
https://arxiv.org/abs/2110.11309
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https://speech.ee.ntu.edu.tw/~tlkagk/courses/MLDS 2015
2/Lecture/DNN%20backprop.ecm.mp4/index.html
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To Learn Maore ...

By Knowkdit

A Comprehensive Study of Knowledge Editing for Large
Language Models

Ninyu Zhang*1, Yunzhi Yao*', Bozhong Tian*', Peng Wang’”,
Shumin Deng*“, Mengru Wang', Zekun Xi', Shengyu Mao', Jintian Zhang', Yuansheng Ni', Siyuan Cheng',
Ziwen Xu', Xin Xu', Jia-Chen Gu', Yong Jiang1, Pengjun Xie', Fei Huang1, Lei Liang', Zhigiang Zhang1,

Xiaowei Zhu', Jun Zhou', Huajun Chent’

1Zhejiang University, “National University of Singapore, 3Univers of California, Los Angeles, 4Ant Group
SAlibaba Group

https://zjunlp.github.io/project/KnowEdit/



