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https://arxiv.org/abs/2212.04089



Task Vector has been shown to be helpful.

https://arxiv.org/abs/2212.04089
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Shih-Cheng Huang
https://arxiv.org/abs/2310.04799
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Alignment

LLaMA-2-Chat
LLaMA-3-instruct
Mistral-instruct-0.2 ¢

Korean, Japanese
Chinese data

LLaMA-2-base
LLaMA-3-base

Mistral-7B

https://arxiv.org/abs/2310.04799
https://giita.com/jovyan/items/ee6affaSee5bdaadabb4



Reward Model Reward Model

Tzu-Han Lin, Chen-An Li Chen-An Li, Tzu-Han Lin
https://arxiv.org/abs/2407.01470 https://arxiv.org/abs/2502.13487



Task Vector has been shown to be helpful.

https://arxiv.org/abs/2212.04089
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Task Vector has been shown to be helpful.

https://arxiv.org/abs/2212.04089
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https://arxiv.org/abs/2011.11564
An a | Ogy https://arxiv.org/abs/2302.14036
https://arxiv.org/abs/2303.14885
https://arxiv.org/abs/2309.10707
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* SLURP

Aﬂ a‘ogy * Speech foundation model: Whisper

https://arxiv.org/abs/2406.02925 * TTS model: BARK

. Trained on synthetic data
o} | | 0+ Synthesic2Real Vector

Work on different Whisper sizes
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Alarm
Audio
Calendar
Cooking
Datetime
Email
General
10T
Lists
Music
News
Play
QA
Recomm.
Social
Takeaway
Transport
Weather
Average

Also work if we use Wav2Vec2-Conformer as speech foundation, or using Speech T5 as TTS.
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Hua Farn
https://arxiv.org/abs/2412.19512

Tzu-Quan Lin

https://arxiv.org/abs/2502.12672
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DARE -https://arxiv.org/abs/2311.03099

Advanced Merging Approach

TIES: https://arxiv.org/abs/2306.01708
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What Matters for Model Merging at Scale?

https://arxiv.org/abs/2410.03617

PaLM-2-IT, 2 Experts PaLM-2-IT, 8 Experts
E:::pert Models E:u:pert Models




SRKEBIIHIPL
Task Vector

o /NEXOPIEFR
¥ 38 B — 175
Task Vector

e OJPERE - X
Task Vector




	Slide 1: Model Merging 
	Slide 2: Model Merging 
	Slide 3: Model Merging 
	Slide 4: Model Merging 
	Slide 5
	Slide 6
	Slide 7: Task Vector has been shown to be helpful.
	Slide 8
	Slide 9
	Slide 10
	Slide 11
	Slide 12
	Slide 13: Task Vector has been shown to be helpful.
	Slide 14
	Slide 15: Task Vector has been shown to be helpful.
	Slide 16: Analogy
	Slide 17
	Slide 18: Analogy
	Slide 19: 更多應用 ……
	Slide 20: Merging 不一定總是會成功？
	Slide 21
	Slide 22
	Slide 23: Advanced Merging Approach 
	Slide 24: What Matters for Model Merging at Scale?
	Slide 25

