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https://arxiv.org/pdf/1611.07004




Image-to-image

* Traditional supervised approach
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Testing:

It is blurry because it is the
average of several images.
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Patch GAN

https://arxiv.org/pdf/1611.07004.pdf
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Speech Enhancement

Enhancing

* Typical deep learning approach

Noisy




training data

|
]
%
R ol 410
&

noisy clean

Speech Enhancement

e Conditional GAN
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Video Generation

target

Minimize
distance
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Ground Truth Adversarial NMon-Adversarial

https://github.com/dyelax/Adversarial_Video_Generation



